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Batch Algorithms for Multivariate 

Performance Measures 
(Structural SVM) 

Performance Measure Run-time References 

F-measure 
PBREP 

Precision@K 
O(N2) Joachims (2005); 

AUC 
Partial AUC 
Pos@Top 

O(N log N) 

Joachims (2005, 2006); 
Narasimhan & Agarwal 

(2013 a,b) 

Average Precision O(N2) Yue et al. (2007) 

Discounted Cumulative Gain (DCG) * O(Nk) Chakrabarti et al. (2008) 

Mean Reciprocal Rank (MRR) * O(N log N + k2) Chakrabarti et al. (2008) 

* performance measure truncated to top ‘k’ positions 
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